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The Vision of ML-OF-DFT

• Orbital Free Density Functional Theory
(OF-DFT) promises nearly linear scaling
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• Retaining as much of physics as possible

• Natural inclusion of environment effects

• Enabling quantum mechanical simulations rather than
circumventing them like ML interatomic potentials

KS-DFT Accuracy at OF-DFT Speed
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Read More About

How
We Achieve:

∂E
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Model/Architecture dependent
basis transformation

Read More About Our
Alternative Ansatz:
Surrogate Functionals

Training Data
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Application: Geometry Optimization
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